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Vector(“King”)-Vector(“Man”)= Vector(“Queen”)-Vector(“Woman).
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Step 1
Collect demonstration data,
and train a supervised policy.
A promptis @
sampled from our kg s
prompt dataset. nchng 103 6 yaw ol
|
'
Alabeler
demonstrates the o
desired output ?
behavior. Bececlmmen
10 the mosn.
This data is used posh
to fine-tune GPT-3
with supervised
learning, 2
E:]EIE

L Ouyang, J Wu, X Jiang, D Almeida, et. al. 2022. Training Language Models to Follow Instructions with Human Feedback. arXiv-2203.02155.

Step 2
Collect comparison data,
and train a reward model.
A prompt and
several model PRl
outputs are Lancding 10,3 6 year ok
sampled.
0 o
(<] o
A labeler ranks
the outputs from o
best to worst. L~ 4
0'0:0:0

This data is used

-~
to train our
reward model.

Step 3
Optimize a policy against
the reward model using
reinforcement learning.
A new prompt »
is sampled from iRl
the dataset. atont troge
'
The policy o
generates e
an output. |
'
Once upon a time
'
The reward model =
calculates a
reward for @
the output ;
The reward is
used to update h »
the policy
using PPO.
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Standard Prompting Cham of-Thought Prompting

del Input N lodel Input
| 5
D) = - — by % Q: Roger has 5 tennis balls. He buys 2 more cans of Q: Reger has 5 tennis balls. He buys 2 more cans of
i < = é ge y g ¥
O ’k o) ﬁ ﬁ:ﬁ ' ~ K -t T- [-' \ o % tennis balls. Each can has 3 tennis balls. How many tennis balls. Each can has 3 tennis balls. How many E
—_ tennis balls does he have now? tennis balls does he have now? )
o BARDEHMIEIERAETY . D , »
-+ N - &) A: The answer is 11. AR of 3 tennis balk 3
S = =73 \ P eact :ans er|s11
o *@@a%ﬁ'i& Q-CL’J:jb " Q: The cafeteria had 23 apples. If they used 20 to
make lunch and bought 6 more, how many apples Q: The cafeteria had 23 apples. If they used 20 to
do they have? make lunch and bought 6 more, how many apples
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